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The term
 “fake new

s” has been used in a lot of situations.  For the purpose of our w
ork, fake new

s can be any of 
these 3 things.

* Fake N
ew

s:  M
anipulative/m

ade up content.  M
any tim

es this m
aterial is created online by content farm

s and 
shared via social m

edia
* Fake N

ew
s:  Authentic new

s stories labelled as fake by som
e politicians w

ho think it is unfavorable to them
selves 

* Bad inform
ation:  Sloppy reporting, clickbaity headlines, and/or new

s created by w
ell-intentioned folks w

ho don’t 
know

 any better

A
b

o
u

t th
e

 P
r
o

je
c
t.  

In w
hat som

e are calling a ‘post-truth w
orld,’ students seem

 to focus on num
bers a lot.  Students believe that if a 

num
ber is connected to inform

ation, it has to be a fact. But num
bers are m

anipulated all of the tim
e.  W

e w
ant 

students to have a tool kit of questions that they can use to question the data that is out there.

Supporting Librarians in Adding D
ata Literacy Skills to Inform

ation Literacy Instruction is a tw
o-year project running 

from
 O

ctober 2015 through Septem
ber 2017.  It is designed to develop the data and statistical literacy skills in high 

inform
ation at http://dataliteracy.si.um

ich.edu.

This project w
as m

ade possible in part by the Institute of M
useum

 and Library Services RE-00-15-0113-15.
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W

hen you look at research being presented as new
s, m

ake sure you know
 w

ho w
as studied, how

 they w
ere 

selected, and w
ahat data points w

ere being counted.

For exam
ple, w

hen unem
ploym

ent num
bers are reported in the new

s, consider w
ho w

as counted as 
unem

ployed.  D
oes that include retired people?  Children under 16?  People w

ho aren’t looking for jobs any 
m

ore?  To see how
 the U

.S. calculates unem
ploym

ent, see the Bureau of Labor Statistics.  For international 
guidelines, consult the International Labour O

rganization’s standards. 

I
s
 th

e
 E

v
id

e
n

c
e

 B
ia

s
e

d
?

Big D
ata is used to m

ake a lot of claim
s.  But Big D

ata algorithm
s can 

be based on biased data.  For exam
ple, softw

are used to predict 
crim

inality has been proven to be biased against A
frican A

m
ericans.   

D
on’t assum

e that Big D
ata is infallible -- there could be im

plicit bias 
hiding beneath its algorithm

s.
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Consider the chocolate m
ilk research that cam

e out in 2016.  
Chocolate m

ilk w
as supposed to cure concussions!  There w

as a study 
conducted at the U

niversity of M
aryland, a respected university.  It 

turns out that the study w
as paid for by the dairy industry, the study 

w
asn’t peer review

ed, and there are som
e serious questions about 

the design of the study.  Yet the sponsors of the study used it to 
advertise their product and m

any press releases w
ere issued!  

interest.  A
nd this researcher didn’t.

“Average” is som
etim

es used as a synonym
 for three distinct m

athem
atical 

ask, “H
ow

 w
as this average calculated?”

 M
ean = Adding up all num

bers and dividing by the quantity of num
bers

M
edian = M

iddle N
um

ber
M

ode = M
ost Com

m
on N

um
ber

W
hen considering statistics w

ith m
ajor outliers, the m

ean m
ay skew

 w
ay 

outside the m
ajority of num

bers.  Think about calculating the m
ean of Bill G

ates’ 
net w

orth w
ith that of every U

.S. librarian.  H
is w

ealth is so m
assive it w

ould 
tw

eak the “average” w
ay too high!  Calculating the m

edian w
ould give a m

uch 
m

ore realistic num
ber.  M

ode could help us know
 w

here there are clusters of 
identical net w

orth, w
hich m

ight help us identify trends for further inquiry. 
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Is there a lot of red in a visualization?  H
ow

 does that m
ake you feel?  Is the font in the im

age the 
sam

e as the font on w
arning signs?  G

raphic design elem
ents can cause a knee-jerk reaction that 

the data itself m
ay not support.  Explore em

otional elem
ents and check yourself to see if they are 

supported by the data.
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The y-axis is the vertical axis, usually labeled on the left side of a graph.  Look at the intervals on the 
y-axis.  A

re they at the sam
e interval throughout the graph?  D

oes it start w
ith zero?  A

re the num
bers 

increasing or decreasing?  H
ow

 does that im
pact your reading of the graph? 
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Keep som
e ready reference num

bers in your toolkit and be ready 
to com

pare any num
ber you encounter in the new

s to w
hat you 

already know
.  These num

bers are know
n as statistical 

benchm
arks. For exam

ple,

* U
.S. Population: 325 m

illion (U
.S. Census 2017)

* W
orld population: Just over 7.3 billion (U

.S. Census 2017)
* N

um
ber of U

.S. births each year: Just under 4 m
illion (N

CH
S 

2014) 

Know
 the statistical benchm

arks that im
pact your w

orld.   
Consider that if jobs in the energy industry are an im

portant 
aspect of the new

s, you should know
 that the coal industry 

em
ploys approxim

ately 50,000 people and that the num
ber is 

declining.  A
lternatively, the solar industry em

ploys 260,000 
people ... and it’s rising 
[http://w

w
w

.thesolarfoundation.org/national/}.
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If w
hat you’re reading radically validates w

hat 
you are feeling, you should question it!

So ... If you really w
ant to believe that Coca Cola 

is good for you so that you can keep drinking it 
by the gallon, and then you read that it cures 
cancer take a m

om
ent to read closer!
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Is the data you looking at still relevant?  Is it fair to use the data 
you’re reading in another situation?  If som

eone is discussing the 
cost of college today, m

ake sure they have current data!

Is the com
parison using the sam

e 
units of m

easurem
ent?  Tim

e 
periods?  Is it fair to com

pare these 
tw

o (or m
any) things?

For exam
ple, is it fair to com

pare 
the 2009 video stream

ing 
view

ership of the inauguration 
cerem

ony to the 2017 view
ership?  

Video stream
ing is m

ore prevalent 
and easier in 2017 than it w

as in 
2009. W

hen com
paring 2.3 m

illion 
stream

ing CN
N

 view
ers in 2017 to 

1.3 m
illion in 2009, you are not 

com
paring apples to apples.
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Bew
are of headlines saying one thing causes another. That degree of certainty is 

sync w
ith one another, but w

ithout know
ing for certain that there isn’t 

coincidence or other factors involved).

For exam
ple, just because people in a certain geographic area searched online 

trends.  There could be other factors involved.
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